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Mass Conserved Flow Low Inversion Algorithms (McFLI)
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Google Earth Engine (GEE)

Search places and datasets.

=3

Google Earth Engine

scripts [

~ Owner (2)
~ users/winzer718/default
B EE_Intro_2nd
& Missouri_yellowstone
& NWDILFMASK
& UntitledFile
& myFirstee
B tan_beta
~ users/winzer718/levee_detection
I fetch_image
B hydrosheds
W playground
~ Writer
No accessible repositories. Click Refres
~ Reader (1) o

check again.
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NWDI_FMASK *
var geometry = ee.Geonmetry.Rectangle([-1
var dataset - ee.ImageCollection( ' LANDSAT/LCOS/Ce

Use print(...) to urite to this console.

» Image (12 bands)

FilterDate(
1/ Filter
wosaic()
}4.clip(geometry)

01

Filt

print(dataset)

var
var
var

var
var

var

mndwithreshold = @.1;
mndwi = dataset.normelizedDifference(['53", ame (*NDWI ")

re(mndui.gt (mndwithreshold), 1);

cloudshadonBitiask = (1 << 3);
cloudshadow = dataset
.select("pixel_ga"}
bitwiseAnd(cloudshadowBithask)

Gertine - JJ_save v. run < J Reset -] spee EI Inspector [CLIT0) Tasks

~ea(8)
cloudshadow = cloudShadow
updaterask(cloudshadow. 2q(e))
cloudsBitMask = (1 << 5);
clouds = dataset
.select("pixel C -
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Google Earth Engine (GEE)
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Go gle Earth E ngine Search places and datasets. m
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NWDI_FMASK *
Use print(...) to urite to this console.

47.930000]) 3

1 var geometry = ee.Geometry.Rectangle([-
2 var dataset = ee.ImageCollection
- Owner (2) z filterDat:
4 1/ Filter PERCENTAGE", 100)) , o
- users/winzer?718/default s nosaic AREENL2 b)) i
& EE_Intro_2nd 6 /7 .clip(geometry)
i 7 print(dataset)
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~ users/winzer718/levee_detection & Siiee 1 ga"y
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B fyiasheds ' :Jlg LoudShad. ‘iq dShad
var cloudShadow = cloudShadow
Wplayground i1s updaterask(cloudshadow. 2q(0))
- Writer 19
No accessible repositories. Click Refresh to check again. 20 var cloudsBitMask = (1 << 5)
~ Reader (1) 21 var clouds = da
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Search places and datasets.

Google Earth Ehgine

1 var geometry = ee.Geometry.Rectangle([-164

2 var dataset = ee.ImageCollection|

3 filterDat
owner (2) 2 /1 Filter

s

5

7

]

PERCENTAGE', 108))

~ users/winzer718/default i

mosaic
B EE_Intro_2nd //.clip(geometry)

print(dataset)
-MISSUU'LYQIIDWSKD"E var mndwithreshold = @.1;

B NWDLFMASK f 9 var mndui - dataset.normslizeddifference(['33', '86']).rename(NDWT")
& UntitledFile . 10 var mndwi = mndwi.up .gt{mndwithreshold)).uhere (mndwi.gt (mndwithreshold), 1};
& myFirstee i o1
& 12 var cloudshadowBitMask = (1 << 3);
Ran beta 2 13 var cloudShadow = dataset
~ users/winzer718/levee_detection 12 it 1 ga")
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var cloudshadow = cloudShadow
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~ Writer 19
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Use print(...) to urite to this console.
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Google Earth Engine (GEE)
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er scripts, 1 var geometry = ee.Geometry.Rectangle([-
Filter scripts, m ) 2 var dataset = ee.InageCollection(’
]
~ Owner (2) 2 /
~ users/winzer718/default is 0
& EE_Intro_2nd 6 /.clip(
i 7 print(dataset)
:MISSUUYLY?HUWS(U"E & var mnduithreshold = 0.1;
NWDLFMASK i 5 var mndui = dataset.normalizedDifference(['s
& UntitledFile i 10 var mndwi = mndwi.updateMask(mndwi. gt’mndw)thr‘eshnld))
& myFirstee o
e 12 var cloudshadowBitMask = (1 << 2
B tan_beta 2 13 var cloudshadow = dataset
~ users/winzer718/levee_detection 14 JEgiey qa")
I fetch_image 1s bitwiseAnd(cloudShadowBithask)
.hyd{DShEds ' :Jl: LoudShad. ‘iq dShad
var cloudshadow = cloudShadow
Wplayground i1s updateMask(cloudshadow. eq(o))
~ Writer 19
No accessible repositories. Click Refresh to check again. 20 var cloudsBitMask = (1 << 5);
21 var clouds = dataset

~ Reader (1) o 5
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Gertine - JJ_save v. run < J Reset -] spee EI Inspector [CLIT0) Tasks

Use print(...) to write to this console.
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width
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discharge

w = aQ?

width

HEE

a-prioril) | |T&-REEEFEMNDHINIL
PIED)IEICHUTRENSTETES
(a,b) DHEFE(C(HIBEELAINNE

Gleason et al., (2014)(&RIBA TREDIZD
ZDatbDEFZZFER (a.k.a., AMHG).
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Brinkerhoff et al., (2019) (ZCDEd&
HDingman®;aE/\oXFIS5A -3 h5
WFEMCEHTEEAEZRUI,

[Brinkerhoff et al., 2019]
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e (a,b)DEEEICFBEETIHNE

Gleason et al., (2014)(&RIBA TREDIZD
ZDatbDEFZZFER (a.k.a., AMHG).

\ 4

w=aQ”  Brinkerhoff et al., (2019) (FZOBIF
width HDingman®a[E/ S XIS/ T -3 h5
BB TEREERUT,

discharge

[Brinkerhoff et al., 2019]
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Unknown
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Unknown
[Q, b, etc.]
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1. FH/ST X X DBEFIH QDD
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= f(xq) f(x1) f(x,) > | @observation SPrior dist. & Posterior dist.
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f(xq)

f(x2)

@ observation &Prior dist.

Posterior dist.
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@ observation &Prior dist. Posterior dist.
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MERIT-HYDRO
[Yamazaki et al., 2019]

Global Hydrological

Reconstruction (Runoff)
[Lin et al., 2019]
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MERIT-HYDRO Global Hydrological

[Yamazakietal.,, 2019]  Reconstruction (Runoff)
[Lin et al., 2019]

| 4

Hillslope River

Routing model
[Beighley et al., 2009]

Qout Uncalibrated

“baseline”
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River width Z)

extraction from Landsat

[Allen and Pavelsky, 2018;
Yang et al., 2019]

Discharge estimation

via BAM algorithm
[Hageman et al., 2017]

MERIT-HYDRO Global Hydrological

[Yamazakietal.,, 2019]  Reconstruction (Runoff)
[Lin et al., 2019]
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Hillslope River

Routing model
[Beighley et al., 2009]

Qout Uncalibrated

“baseline”
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River width Z)

extraction from Landsat

[Allen and Pavelsky, 2018;
Yang et al., 2019]

Discharge estimation

via BAM algorithm
[Hageman et al., 2017]

iy,
T~

MERIT-HYDRO Global Hydrological Data

[Yamazakietal., 2019]  Reconstruction (Runoff) AT BTy
[Lin et al., 2019] SSIMIatio
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Hillslope River

Routing model
[Beighley et al., 2009]
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Results - NSE
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Results — NRMSE / KGE

*Normalized Root Mean Square Error / Kling-Gupta Efficiency
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Results — NRMSE / KGE

*Normalized Root Mean Square Error / Kling-Gupta Efficiency
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Results — NRMSE / KGE

*Normalized Root Mean Square Error / Kling-Gupta Efficiency
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Results — NRMSE / KGE

*Normalized Root Mean Square Error / Kling-Gupta Efficiency
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Results — Hydrographs
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