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layer1 layer2 layer3 layer4 layer5 layer6 layer7 layer8 layer9
3x3x4 3x3x8 3x3x16 3%x3x32 3x3x64 3x3x128 3%x3%256| 3x3%256 | 1x1%x30
c1 | P1 Cc2 | P2 c3|P3 Cc4 | P4 C5 | P5 C6 | P6 c7 cs (of:]
Model A 8 16 32 64 128 256 | 256 30
Model B 8 16 32 64 128 256 512 | 512 30
Model C 16 32 64 128 256 512 1024 | 1024 | 30

D Convolutional layer D Max Pooling layer
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BigEHY (B | BELEL G BiEHY () | BEEL R
EDUSA | BiEHY () 13 45 BEDUSR | BEHY () 49 6
BB L (#0 14 198 BIEEL (F) 8 183
Precision 0.48 Precision 0.85
Recall 0.22 Recall 0.89

W B |2 & B BT — & AR

B BT XD BT — 2 NER

B (¥ B (¥

FEH 1514 (514) FIEh 1984 (382)
BiK 0(0) BiX 4460 (291)
=M 0(0) =Mm 9200 (362)
RAFH 0(0) EAFH 1696 (70)
BEEX 0(0) HEEX 9055 (396)
iR 0(0) R 2544 (150)

Bt 1514 (514) B 31,611 (1651)
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- EHBAROREITIFR : 30085
- AR ANEN : 163,6644%
- B EmESR (FEFECKD) 1 37,2824
- I BEEREBESR (FECKBIERFITVIICKD) : 30,188#%
- _FOOESIREEESRN S DFEZETF T v I UL UTZIEEREX : 10,0004%
- DHERI (CABEERN D D TCiEigREL (EEHD) : 9,053#
- DIEBRABENER (L. BEEDbNdboxBEIRS8H2018F 18 (T,
https://github.com/sekilab/RoadDamageDetector

D01 D11 D40 D43
DO0O HT D10 T D20 D21 D30 [E-HRvwk #&Ei$ D4

HEE a4 BRSNS CaqL EHRESHER HEL A—L-3 HEOh BRO Wize BEEAEE

T8 VM BE O T8 28 #Eh B Th »HTh difficult TOTAL  HE & (FHE)
=T 734 1241 106 437 822 876 25 497 73 893 69 5773 62,620 20,713
BT 627 1425 234 656 558 415 24 556 180 1304 14 5993 25,032 4,081
BIK 501 1072 169 439 96 27 44 88 246 1034 12 3728 25,015 1,717
BEHRKX 140 675 21 172 29 14 18 75 239 589 3 1975 23,926 1,300
FEEH 189 230 6 20 32 3 2 13 115 333 1 944 13,291 496
HET 146 108 19 15 48 20 6 12 24 197 2 597 2,460 258
EAEH 470 898 175 382 225 222 38 165 118 1092 6 3791 11,320 1,623
&%t 2807 5649 730 2121 1810 1577 157 1406 995 5442 107 22,801 163,664 30,188

H. Maeda, Y. Sekimoto, T. Seto, T. Kashiyama, H. Omata, Road Damage Detection and Classification Using Deep Neural
Networks with Smartphone Images, Computer-Aided Civil and Infrastructure Engineering, 2018 (Accepted) 26
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Road Damage Dataset

The structure of Road Damage Dataset

Road Damage Dataset contains trained models and Annotated images. Annotated images are presented as the same
format to PASCAL VOC.

* trainedModels
o SSD Inception V2
o SSD MobileNet
* RoadDamageDataset (dataset structure is the same format as PASCAL VOC)
o Adachi
= JPEGImages : contains images
= Annotations : contains xml files of annotation
» ImageSets : contains text files that show training or evaluation image list
o Chiba
@ Muroran
@ |chihara
o Sumida
o Nagakute

o Numazu
Download Road Damage Dataset

Please pay attention to the disk capacity when downloading.
+ trainedModels (70MB)
+» RoadDamageDataset (1.7GB)

Dataset Tutorial

We also created the tutorial of Road Damage Dataset. In this tutorial, we will show you:

«» How to download Road Crack Dataset
+ The structure of the Dataset

o i v o KT SANS —REDIZD. NDEA,
BDF>2I)I\—TL—MNIEFAOZMNTTLET,

Please check RoadDamageDatasetTutorial.ipynb.

Privacy matters
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e |EEE Big Data Conferenced3% C”Road Damage Detection and Classification Challenge” &

e USA(11), China(8), India(6), Poland(4), Germany(3), South Korea(3), France(2), Taiwan (2),
Philippines(2), Pakistan(1), Vietham(1), Morocco(1), Canada(1), Spain(1) and Japan(1).

Overview | Road Damage Detectior X [las

v & G @ IN & O & hitps;//bdc2018mycityreport.net/overview/ E  o0% e @ v b e O =

Road Damage Detection  Overview Data  Submissions  Lea

- L -
B et = SR S

p,.rl ‘_'-

i .

=

Road Damage Detection and Classification Challenge
- :

13 -

—

Overview

Latest Updates

= 2018-05-07

o You can download the dataset, submit the results after 5/11(Fri).

o Important information about this challenge will be announced through this website. Do not forget to check the website on a regular basis!
= 2018-05-11

Copynight © 2018 Sekimoto lab Institute of Indusinial Science, University of Tokyo, All nghts reserved.
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H. Maeda, Y. Sekimoto, T. Seto, T. Kashiyama, H. Omata, Extraction of Road Maintenance Criteria using Machine Learn
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and Spatial Information, UrbanGIS2017 in conjunction with the ACM SIGSPATIAL2017, Redondo Beach, Californid, 4ISA.
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