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(https://github.com/sekilab/RoadDamageDetector)
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D00 : Linear crack, longitudinal, wheel mark part
3500 D01 : Linear crack, longitudinal, construction joint part
D10 : Linear crack, lateral, equal interval
(%)) 3000 D11 : Linear crack, lateral, construction joint part
% D20 : Alligator crack
< 2500 D40 : Rutting, bump, pothole, separation
= 5 D43 : Cross walk blur
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0 N - j__.ﬂ_uj_‘q
D00 D01 D10 D11 D20 D40 D43 D44
H|chihara city 175 71 18 9 43 8 20 138 482
® Chiba city 183 187 13 12 27 3 104 267 796
¥ Sumida ward 168 660 20 61 21 19 201 482 1632
Nagakute city 482 477 169 58 351 14 90 659 2300
¥ Adachi ward 529 1013 153 279 172 11 191 567 2915
® Muroran city 671 574 124 88 1192 189 50 712 3600
B Numazu city 560 807 245 129 735 165 161 908 3710
TOTAL 2768 3789 742 636 2541 409 817 3733 15435

Maeda, Hiroya, Yoshihide Sekimoto,
Toshikazu Seto, Takehiro Kashiyama,
and Hiroshi Omata. "Road damage
detection and classification using deep
neural networks with smartphone
images." Computer - Aided Civil and
Infrastructure Engineering33, no. 12
(2018): 1127-1141.
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and Yoshihide Sekimoto. "Deep learning-based road damage detection and classification for multiple countries."
Automation in Construction 132 (2021): 103935.
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H Total #images 9053 13133 9892 3595 26620
D00 2768 5006 1994 1242 8242
mDI10 742 4911 89 480 5480
uD20 2541 7846 2556 211 10613
D40 409 2798 3947 263 7008
H Total #labels 6460 20561 8586 2196 31343

Fig. 3. Statistics for the number of damage instances included in the underlying datasets.
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Global Road Damage Detection Challenge, IEEE Bigdata 2020
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Team Name Proposed Solution Ensemble Test 1 score Test2

score

IMSC Ensemble Learning with u-YOLO and Test Time Augmentation Yes 0.6748 0.6662

SIS Lab Ensemble model with YOLO-v4 as base model. Yes 0.6275 0.6358

DD-VISION A Consistency Filtering Mechanism and model ensemble with cascade R-CNN Yes 0.629 0.6219
as the base model

titan_mu YOLO model trained on CSPDarknet53 backbone No 0.5814 0.5751

Dongjuns YOLOv5x No 0.5683 0.5710

SUTPC Ensemble(YOLO-v4 and Faster-RCNN) Yes 0.5636 0.5707

RICS EfficientDet No 0.565 0.547
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